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Figure 1: Panoramic view of the Milky Way by Lactea tool, showing different features and visualization of the presented spectral rendering algorithm.

Abstract

The explosion of data in astronomy has resulted in an era of unprecedented opportunities for discovery. The GAIA mission’s
catalog, containing a large number of light sources (mostly stars) with several parameters such as sky position and proper
motion, is playing a significant role in advancing astronomy research and has been crucial in various scientific breakthroughs
over the past decade. In its current release, more than 200 million stars contain a calibrated continuous spectrum, which is
essential for characterizing astronomical information such as effective temperature and surface gravity, and enabling complex
tasks like interstellar extinction detection and narrow-band filtering. Even though numerous studies have been conducted to
visualize and analyze the data in the SciVis and AstroVis communities, no work has attempted to leverage spectral information
for visualization in real-time. Interactive exploration of such complex, massive data presents several challenges for visualization.
This paper introduces a novel multi-resolution, spectrum-preserving data structure and a progressive, real-time visualization
algorithm to handle the sheer volume of the data efficiently, enabling interactive visualization and exploration of the whole
catalog’s spectra. We show the efficiency of our method with our open-source, interactive, web-based tool for exploring the GAIA

catalog, and discuss astronomically relevant use cases of our system.
CCS Concepts

* Human-centered computing — Scientific visualization; * Computing methodologies — Rendering; * Applied computing
— Astronomy;

1 Introduction

Astronomy is recently undergoing a remarkable information flood
of both simulated and observed data due to advances in compu-
tational infrastructures. For instance, the spacecraft of the GAIA
mission, which was launched a decade ago by the European Space
Agency (ESA) [teal6], revolutionized the field by creating an exact
three-dimensional map of almost two billion stars from the Milky
Way and beyond, playing a pivotal role in recent astronomical break-
throughs [Eur23, CCM*20, GAM™*18]. GAIA data release 3 (DR3),
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published in June 2022 [tea23], contains a large variety of astro-
nomically significant attributes and error measurements. This third
data catalog includes 1.8 billion objects, with 1.46 billion of these
radiation sources (most of them stars) containing the sky position
(right ascension and declination), parallax (distance), and proper
motion (velocities). Additional parameters, such as the photometry,
are also recorded. Furthermore, low-resolution calibrated continu-
ous spectra, called XP spectra or BP/RP spectra, have been inferred
for blue-pass and red-pass sensors for a little over 200 million stars
(see Sec. 3.2). Through the analysis of the light spectrum emitted
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by a celestial object, comprehensive star characterizations, such
as estimated effective temperature, surface gravity, and the chem-
ical components, are derived [A*23]. Astrophysics visualization
has emerged as an interdisciplinary field bridging astronomers and
visualization experts to develop techniques enabling scalable explo-
ration and understanding of astrophysical data, fostering scientific
discovery, methodological validation, and novel insights about the
universe [LYA*21]. From a visual computing perspective, astronom-
ical datasets present unique challenges and opportunities due to their
high dynamic range, extensive memory and computational demands,
and the need for algorithms that scale with data complexity. Effec-
tive visual representations often prioritize conveying insights over
physical accuracy, e.g., the mapping of stellar spectra to color—a
challenging problem—can be further complicated by conventional
techniques, such as linear color maps, which may obscure critical
details or fail to emphasize meaningful patterns [HH21].

Due to those challenges and GAIA’s significance in astronomy,
previous work has proposed techniques for exploring the GAIA
data (see Sec. 2). However, the spectral information available in the
data was not explored previously. Our research aims to take the first
step into real-time spectral exploration by using novel visualization
techniques. We consider the light spectra of hundreds of millions
of stars in real-time, enabling an interactive visualization in various
projections, color mapping, and spectral manipulation schemes to
explore the entire dataset (around 630 gigabytes in size). The main
contributions of this paper are:

e A novel multi-resolution, spectrum-preserving data structure for
two-dimensional distributions of incoming light, designed to al-
low interactive visualization with arbitrary data sizes.

e A progressive rendering algorithm for massive, real-time light
spectrum exploration.

e Three visualization use cases to show the application of these
techniques in real scenarios.

e An open-source’, interactive, web-based prototype that applies
these techniques to the GAIA catalog, making this the first work,
to the best of our knowledge, to manage the GAIA spectra for
real-time exploration and visualization.

2 Related work

Astrophysics visualization. Astronomy is experiencing an ex-
plosion of simulated and observed data, fueling the need for ad-
vanced visualization approaches, which also drive progress in the
visualization field. Lan et al. [LYA*21] summarize a decade of as-
trophysics visualization, categorizing work by task (e.g., feature
identification [KHA12]), technique (e.g., 3D rendering [SIMS19]),
topic (e.g., galactic astronomy [VE20]), and data source (simu-
lated [AMJIV*23] or real [BAC*20]). Following that scheme, our
technique supports data exploration and feature identification with
interactive 2D images and plots of observed galactic data.

Real time space visualization. Various work has been done on
the real-time visualization of the universe. OpenSpace by Bock et
al. [BAC*20] is one essential system for exploring extensive astron-
omy datasets, suitable for educational and scientific research. They
use a dynamic scene graph [ACS*17] to manage the different scales
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of the data. It stands out for its ability to integrate with existing
tools and catalogs and to create cinematic scenes of the universe
in 3D. While the GAIA data is one of the catalogs OpenSpace is
capable of handling, the spectral distribution is not utilized for ex-
ploration or visualization. Another system is Gaia Sky by Sagrista
et al. [SIMS19]. It is an open-source tool for exploring our galaxy
in 3D, using data from the Gaia Catalog. It supports real-time navi-
gation among millions of stars, featuring advanced simulations like
relativistic effects and gravitational waves. Its main strength lies in
its ability to provide detailed, interactive celestial tours with high
efficiency and precision. The color information is computed using
temperature, inferred from the spectrometers of the GAIA telescope.
It does not deal with the source spectral information.

GAIA visualization. In addition to Gaia Sky and OpenSpace,
other studies have addressed visualizing GAIA data with InfoVis
and SciVis approaches. Moitinho et al. [M*17] created the Gaia
archive Visualization Service as a web-based InfoVis tool that al-
lows for interactive exploration of Gaia and TGAS data through
customizable histograms and scatter plots. Although scientists are
the target, no spectra visualization is provided. In contrast, The
Mikulski Archive for Space Telescopes (MAST) project [MHL* 18]
provides various exploration tools for multiple data archives, includ-
ing GAIA. Their system supports spectral viewing as an InfoVis
tool. Deborah et al. [BGR*16] introduced ESASKky, a web-based
data exploration and visualization tool. It works with a subset of
multiple astronomy data catalogs, including GAIA. However, it uses
conventional transfer functions for a single attribute simultaneously.
Lastly, high-performance visualization tools can produce heatmaps
of the GAIA dataset, such as vaex [BV18] or mosaic [HM24]. We
note that no work has been done to visualize and explore the spectra
of the GAIA catalog before our work.

Light phenomena visualization. Regarding the light spectra,
simulating light phenomena in diverse astronomical contexts by
manipulating the light is possible thanks to the advancement of
GPUs. For instance, Verbraeck and Eisemann [VE21] simulate the
light bending in the proximity of a black hole, while Consta et
al. [CBE*20] simulate the light in the atmosphere of different planets.
The Doppler effect due to the high velocity of moving galaxies has
been simulated as well [AMJV*23].

Massive point-based rendering. GAIA’s vast dataset requires
point cloud methods, widely used in visualization for applications
like LiDAR and photogrammetry [GP11]. Gobbetti and Marton’s
Layered Point Clouds [GMO04], an LoD-based octree structure, ef-
ficiently divides datasets into nodes that collectively recreate the
original set, enabling high-quality rendering focused on regions of
interest. This approach has influenced modern web-based 3D point
cloud visualizations [RGM*12], such as Schiitz et al.’s Potree [S*16],
which leverages out-of-core techniques for interactive rendering of
billions of points, achieving substantial performance gains [SOW20].
However, while these methods handle scalar attributes or simple
colors, our work addresses stars with multiple attributes and light
spectrum histograms, requiring several kilobytes per point.

3 Background

This section provides the necessary foundation to understand
the context of our work. First, key concepts on light, spectra, and
relevant astronomical applications are discussed. Then, the GAIA
dataset, which is used to evaluate our algorithm, is outlined.
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@ (b) (a) Gaussian centered around OlI(b) The XP spectrum of the source
(5007nm), Ha (656nm), and SII 2080220238201704832 from GAIA

Figure 2: (a) Blackbody radiation as expressed by Planck's law at different (673m) DR3

temperatures. (b) The normalized CIE color of blackbody radiation from

300 to 10;000K. Cooler stars appear redder, while hotter stars are blue.

3.1 Physics of Light
Light is emitted by matter in numerous ways. In the case of stars,
light is emitted based on their surface temperature and the chemical
components of their surface [CO17]. The continuous star radiation
can t_’e modeled as an idealized ‘_""’_‘Ck body, which is _a theoretlgal(c) The star spectrum, and the re- (d) Resulting Integrated Spectra
physical body that absorbs all radiation. The spectral distribution is gt of convolving with the Gaussians

calculated by Planck’s law as given in Eq. 1: drawn on top
Figure 3: A star spectrum is integrated with three different Iters.
B (T:l )= LN @
HBDE T OP et '

Here,l is the wavelengthh is Planck's constankg is Boltz-
mann's constant is the speed of light, and is the temperature
[ 171 Figure 4: The Fitzpatrick [Fit99] normalized extinction curve. The law
The black-body radiation is determined by the temperature alone, corrects blue radiation more than red because extinction is wavelength-
not by the star's size or elemental composition. Fig. 2a shows dependent: shorter wavelengths (blue) are scattered more easily than the
Planck's law distributions at different temperatures. The second '0"9er ones (red).
factor that contributes to the emission spectrum is related to the
chemical nature of a star's surface. When an atom of a chemical ele- z
ment absorbs a photon with the exact energy required for an electron I= f()T()dl: @)

to make an upward transition from a lower to a higher orbital, absorp- Many other elements can also be isolated, such as sul@#aHim

tion lines in the continuous stellar spectra are observed. In contrast,,. oxygen-ll1OIll = 500.7nm The famous Hubble palette imag-

em.ission lines occurvvhen an electron transitions downwards from ing [Gre04] is obtained by ltering by these three elements, then
a higher to a lower orbital [CO17].

mapping the resulting intensity inRGB= ( Ig)i;IH, ;1on) for the

The chemical elements found in a star are identi ed by matching classical SHO Hubble palette RGB= (I, ;1o ;lonr) for the bi-
both types of lines against an observed spectrum. Scientists havecolored HOO image or any of their combinations. In the real world,
identi ed the spectral lines of many elements [RKH], such as various factors in uence how light is perceived, such as the Doppler
hydrogen's Balmer lines. Sometimes, looking at only part of the shift due to the distribution of velocities in a gas or changes in the
spectra for analysis is desirable to nd features of interest, especially pressure. Another phenomenon that can change how light is per-
when the rest of the spectrum overshadows such features. For inceived isinterstellar extinctior{CO17]. It occurs when dust clouds
stance, isolating the spectra generated by the rst hydrogen Balmerpopulating the Milky Way obscure or change how we perceive elec-
line, called hydrogen alphid, = 656nmin the red region of the tromagnetic radiation due to the intervening dust scattering and
spectrum. This can be useful in many astronomical contexts, such asabsorbing starlight. Extinction is wavelength-dependent; red light is
the spectral classi cation of nebulae [Hea90]. This type of imaging ot as strongly scattered as the shorter blue light. Henmegldening
is called narrow-band lItering. In the real world, dedicated lenses €ffectis observed in the spectra, leading stars to appear redder than
are used to obtain the gray-scale image that shows the intensity[heir effective temperature implies. Extinction detection is essential
of the ltered wavelengths. It is possible to obtain a narrow-band to reconstruct the original spectra and leverage the spectral data
Itered image from a spectral image computationally. Fig. 3 shows effectively [DBRD 18]. In a sense, extinction can be thought of as
how narrow-band Itering works. The transmission function is, for the reduction of the intensity as a result of light scattering (If)
example, modeled as a Gaussian centered around the element dé the observed XP spectra, the correditl) is computed by

interest with a speci ed width. Then, the Iter multiplies the spec- F()= f(I )_100;4%A0(| )=R. 3)
trum, and the result is integrated to obtain the nal intensity [BDO7]. ' '

This process is formulated in Eq. 2, wheris the intensity or ux Here, Ag is the monochromatic extinction [HK82] given by
received through the narrow Iteff(l ) is the light spectrum, and  GAIA, and AYl ) is the wavelength-dependent extinction curve,
T(l ) is the transmission function: andR is an extinction parameter set 8l. This paper uses the
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(a) Equirectangular projection. (b) Galactic coordinates use the sun as the origin.

Figure 5: The log-density map of sources with XP spectra available from the GAIA catalog in equirectangular projection (a) and in galactic coordinates (b) .
The leaf-shaped empty regions are due to the corresponding data being excluded from the GAIA release.

Fitzpatrick extinction law [Fit99] following the GAIA documenta- calibration process, a set of passbands are de Gegp, Grp and
tion [gai24b]. However, other curves speci cally made for GAIA  Grys[JGC 10]. The XP spectra obtained from BP/RP photometry
via further analysis and deep learning methods can be found in theare analyzed to determine the effective temperature, surface gravity,
literature [BLWW?20, ZYH 24]. Fig. 4 shows the extinction law  metallicity [M/H], radius, and other attributes [&3]. Similarly, the
(normalized by R=3.1) as a function of the wavelength. RV spectra (not used in this work) are used to estimate the stellar at-
mospheric parameters, individual chemical abundances, and Diffuse
Interstellar Band (DIB) parameters [RB3]. In the current release
(DR3), a subset d219, 197, 643sources were carefully chosen after
a thorough study [A23] to have their continuous BP/RP spectra
released publicly [DA23]. This leads to leaf-shaped artifacts in the
resulting image due to the unavailability of stars in those regions.
Fig. 5 shows the log-density map of the sources with available XP
spectra in two projections: the equirectangular projection (Fig. 5a)
and the galactic coordinates (Fig. 5b). The spectra are represented
as Hermite polynomials [ZGR23]. Weiler et al. [WCFJ23] analyze
and discuss how to use the continuous spectra ef ciently to perform
many operations and tasks. In addition to the continuous spectra,
GAIA released a sampled version of around 34 million stars. Here,
the histogram consists of 343 bins fr@86hmto 1020hm, sam-
pled eact2nm measured in the standard physical uiiten 2nm 1.
C= g i) T): @) Once a passbangl is available, zero pointg converting internal
21 ' uxes to absolute magnitudes can be derived [CV18]. Then, any
Here,n denotes the number of bins used to represent the spectrum, Ux ¢an be converted to absolute magnitude=  2:5log(pi)  z.
Cis the resulting RGB coloi) is the light ux at bini, andT (i)
represents the color de ned in the transfer function at position
Various other coloring models have been used over the years, such Our approach consists of three main components: 1) A spectral-
as the B-V color index [Zom06]. However, these methods often preserving, multi-resolution data structure; 2) Progressive, spectral
result in a loss of the star intensity information at the expense of accumulation; and 3) Composition of the nal image via ltering,
accurate wavelength-to-color mapping. To this end, it is possible to Processing, convolving, and rendering to the output view. With this
apply color mapping based on the star's intensity or magnitude. In Methodology, we generate an interactive visualization and explo-
addition, image processing techniques such as Gaussian smoothind@tion of the dataset for astronomical tasks. Fig. 6 gives an overview

or tone mapping are often applied to highlight features in the image. Of our system.
The data structure is a multi-resolution, binary-tree-based hier-

3.2 The GAIA Dataset archy of precomputed nodes with light sources information, using
GAIA data release 3 (DR3) [tea23] contains a large variety of 2D polar coordinates over the earth dome. Each node consists of a
astronomically relevant attributes and error measurements such aslual representation of the GAIA objects within that region of the
sky position, distances, and proper motions. Sky positions are givensky: a high-resolution representation of the brightest remaining stars
in the Celestial equivalent of latitude and longitude [Bal13], referred (similar to the Layered Point Cloud structure), and a low-resolution
to asDeclination(DEC) (from -90 to 9C¢°) andRight Ascension aggregation of the total energy of the lower levels of the hierarchy.
(RA) (from 0° to 36C°) respectively. In addition, photometric and  The data structure is designed with two aims: to Il the highest levels
spectrophotometric data were released, allowing astronomers toof detail (LoDs) with the brightest stars and to preserve the energy
determine numerous astrophysical information about the observedsum at any LoD. This design choice results in an image that approx-
sources [CWX21]. Photometry is a system used to measure the imates the brightness of the whole data in the lower-level nodes.
propagation of light waves by using a set of passbands or optical In addition, and given that all information is stored as discretized
Iters with known radiation sensitivity [HK82]. Through a complex  spectra, we can construct a spectral image that accurately represents

In astronomy, mapping a star spectrum to a color is an open re-
search problem without a single astrophysically motivated standard
color palette [HH21]. However, a common way of obtaining a color
is by convolving the light spectral distribution with the three sensi-
tivity functions based on the human perception model to obtain CIE
XYZ values. Then, XYZ values are linearly transformed to an RGB
colorspace and normalized [PJH16]. Using this coloring method,
black bodies de ned by Plank's law will have a color between red
(cooler) and blue (hotter), as shown in Fig. 2b. Another solution
is the spectrum-based RGB color transfer function [AEX]. A
transfer function is de ned over the spectrum distribution. The RGB
color is then determined by accumulating the combination of the
light ux at a given point and the color from the transfer function at
that point [AFK 14]:

4 Methodology

© 2025 The Author(s).
Computer Graphics Forum published by Eurographics and John Wiley & Sons Ltd.



R. Alghamdi et al. / Lactea: Spectrum-preserving Visualization of GAIA Catalog 50f12

Figure 6: Overview of the main components of our technique: Using our pre-computed, multi-resolution data structure, we generate interactive views of
the galaxy with different projections by accumulating spectral histograms into a GPU 3D buffer in real time, and manipulating them according to different
parameters (color mapping, ltering, etc.) to create visualizations and insights that help domain experts to better understand the GAIA data.

the whole GAIA dataset without traversing the entire tree. The data light contributes most of the energy arriving on the Earth have more
structure is described in more detail in Sec. 4.1. importance in our visualization. The property we want to preserve

The progressive accumulation algorithmemploys out-of-core is the amount of light by wavelength, which can be aggregated in
techniques for the multi-resolution data. Thanks to the dual node a spectrum histogram. We also preserve the photometry bands and
representation and energy conservation, the tree can be traversed antthe extinction-corrected spectra similarly.
cut based on the viewing parameters, rendering budget, and the LoD
of interest. The inner nodes of the cut tree will raster their star list to
the screen as points. Leaf nodes at the borders of the graph cut aré
represented as patches. The spectra of star points and node patche
are aggregated into a 3D buffer, representing the spectral image o
the data, where the third dimension stores as energy buckets of &
prede ned spectral interval of the discretized spectra.

Composition of the nal frame is carried out for each pixel's
spectrum to ful Il astronomical tasks like narrow-band Itering and
interstellar extinction. The spectral information is processed, ltered,

The novelty of our approach lies in the dual representation of the
spectral data. Each node of the tree represents an area in the dome
Space, and contains, for one side, the spectra exact information for

ach one of the stars included in that node, similarly to LPC. At the
same time, it also contains both the spectral histogram of its own
%tars as well as the sum of all the other stars contained in the nodes
of the subtree under it, which we call a spectral patch. This allows us
to represent a particular area of the dome by mixing pixels as actual
light sources, with its exact spectrum, with spectral patches covering

and convolved to compute the nal color based on the user-de ned areas of the node (see Figure 7). Thus, with an arbitrary tree cut, the

image processing settings and the desired visualization scheme. TheeSlJItant spectrum is exact up to the cut (thus, the ones with higher

agnitude) and approximated for the subtrees below it. As shown
accumulation and image compositing are described in Sec. 4.2, an
. . . In the next section, this allows different levels of detail depending
example astronomical use cases are discussed in Sec. 6.

on the rendering time budget, as well as progressive rendering.

4.1 Data Structure 8

Our multi-resolution structure is a generalization of Layered Point 2 n:BoundingBointersectsA
Clouds (LPC) [GMO04] for point data with many additional attributes | etNy N where8n2 Ny_ »
contributing to the rendered image. We need to de ne 1) A maxi- z Surfacén:BB) k SurfacéA)

mum number of points per node, 2) the importance scalar metric that )
will decide which points have more priority in the representation, L€tNc Na the nodes in the border of the traversal cut

and 3) an aggregation function to sum up the visualized attributes. Na stars
Our approach generates a hierarchy over the point samples of theSpectrunid) = § & (wl; flux) + a subtree spectrum
dataset, clustering them into spatially coherent sets arranged in a (5)

binary tree. As in LPC, the addition of all the sets of points of the
hlerqrchy sums up precisely the gntlre datase.t. The novelty “.es r.]Otwhich we want to compute the incoming light spectrudg;is the
only in the fact that we sort the points by generic importance criteria

but that h node additionall tai tati fubset of nodes of the trel)that intersects with that arelathe
utthat each node additionally contains a coarse representation o raversal-stop factor, where a node surface is considered smaller
the underlying subtree for each region of the space, which allows

f ing | level i f the data wh i than a single pixel. The subset of nod¢sare the ones on the tree
or preserving lower-level properties of the data when representing cut, de ned by a loading time budget per frame. Then, the total
a particular level of detall, irrespective of the chosen tree cut.

incoming light spectrum through the ar&as the sum of the pairs
Figure 7 shows an overview of how our data structure is utilized. of wavelength and ux(wl; flux), of all the stars included in all

We apply this data structure to explore the spectra of the GAIA cata- the nodes above the tree cut (exact), plus the sum of the spectrum

log objects in the following way: we use tiMagnitudeparameter patches of the nodes below the tree cut (approximation). With this

as the importance metric to decide the priority of the objects in the data structure, the computed incoming light is always approximated

LoD hierarchy. In other words, we established that the stars whosewith the whole stars dataset, no matter how much the render time

Eq. 5 re ects this design, wher& is the area of the dome in
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Figure 7: Our pre-computed data structure partitions the two-dimensional dome space into a binary tree. Each node contains an exact representation of the
stars selected according to an importance metric (in this case, brightness) and a coarse representation of the full subtree below. The nal composition is a
mix between the exact spectra of the stars over the tree LoD cut, and the coarse spectra of the nodes in the cut, enabling a close approximation for all the
incremental steps, and converging progressively to the exact spectrum of the incoming light.

budget is. It also allows to progressively load more and more stars,selecting the brightest ones, then sorting the remaining stars again,
and the resultant spectrum will converge to the exact solution as we each time alternating the median split axis orientation for the chil-
keep loading more stars and fewer spectral patches. Each node storedren, until the number of remaining stars is lower tharThis way,
its ID, bounding box, children ID, clipping coordinate, splitting axis, the tree is built in two-dimensional patches along the polar coordi-
and the spectra of its own stars and the subtree. In addition, it keepsnates of the skydom®EC (declination) andRA (right ascension).
a list of star IDs belonging to it. In the leaves, the spectra of the contained stars are aggregated. In
Construction. First, a script is used to download the GAIA CSV  the second pass, those spectra are propagated bottom-up to the root,
les from the of cial website and convert them into binary les. summing up their histograms. Finally, the tree structure is saved to
Those binary les are then merged, and all objects are sorted (in disk. Each node is saved to a separate le containing a maximum of
descending order) by their magnitude. N stars' information and spectrum. Lastly, the subtree spectra of all
nodes are stored in a separate le for quicker retrieval.

Algorithm 1 Data structure construction

. — Top-down pass: tree creation —

4.2 Spectral Rendering

P Gebrh e - Whole range At run time, the user explores the dataset by interactively moving
while !dqueueemptso ;;J the camera along the sky and selecting parameters. Whenever a
noae ueuepo . . .
stars ar?ay_sog(byMagnitudenoderangemin;noderangema» new interaction occurs, the accumulated spectral frame buffer is

if ”‘;‘j}g’:sntgfs'e"ggr%’fr;@?n”o derangemirel - Inner nade recomputed. Then, the data structure is traversed to determine which
nodecomputeBoundingBék nodes need to be rendered as stars or as patches. The nodes are
splitting_axis  if(nodelevelodd RAelseDEC H
stars array:sort(byS plittingAxisnoderangemin+ N; noderangemay loaded from the network through_the cache systems, which move the
queuepust(newnod¢Le ftRange fromS plittingElemgnt data to the GPU and record their offsets. Then, stars are processed
ightR f littingE| . . . .
e oo ot 1 e g€ fromSPtingElemant Leat node to accumulate their light contribution. Meanwhile, patch IDs are

nodestars stars arraylremainingRange stored in the 3D buffer, and their area is computed to uniformly
nodecomputeBoundingBgx

nodecomputeS pectrufn . Sum spectra of node's stars distribute their spectra over the patch at color computation time. At
encmalt the color computation stage, each pixel's color is determined by
processing the accumulated pixel spectra at the corresponding 3D
buffer position, as well as the patch spectrum (if any) divided by its
area. An overview of this process can be seen in Figure 8. As the
rendering order follows a criterion of maximum contribution, the
end"i?desubSPeC"um nodechild1:spectrun¥ nodechild2:spectrum accuracy of the frame improves progressively in a logarithmic way.
end for Due to the multi-resolution nature of the data structure, the rendering
end for process is done progressively until the star and patch queues are
empty. This also allows for a smooth, interactive interface.

. — Bottom-up pass: Il course spectra representation —
for Every level from Bottom to Uplo
for Every Nodedo
if node is Innethen
nodecomputeS pectrufn

Algorithm 1 describes the tree-building process. The only input
parameter i, the maximum number of stars in each node, which Creation of the rendering queuesWhen the camera moves, the
will be exact for the inner nodes and an upper bound for the leaf view bounding box is computed based on the projection type and
nodes. Because of the large amount of data to deal with, the algothe camera parameters. Then, the tree is traversed, and the star and
rithm is designed to work in place on the data, which can be located spectral patch queues are constructed, until the cut-off criterion is
in main memory or mapped from permanent storage, by moving met. If a node is at the border of the tree cut, the node is added to
indices and re-sorting the information. It is composed of two passes:another queue, called the patch-rendering queue, and the recursive
the rst one creates the tree nodes and the hierarchy in a top-downtraversal stops for that subtree. Both queues are priority queues -
fashion (like a k-D tree), by sorting the stars by magnitude and brighter nodes are loaded rst. As explained in Sec. 4.1, the node's
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Figure 8: Overview of the rendering process: Querying the data according to the camera position, spectral accumulation in the GPU 3D buffer, spectral
manipulation with user-de ned parameters, and color convolution per pixel.

double representation of the GAIA sources allows for accurate
spectral representation without the need to traverse the whole tree
(at the cost of spatial resolution). Stars are rasterized as individual
points in space. The intensities of the subtree spectrum will be
uniformly distributed across the area covered by the corresponding
patch.

Traversal cut-off strategy. A common spatial multiresolution
cut-off strategy is based on the screen-space footprint, meaning, once
a node covers a small enough area. However, we propose to steer
cut-off based on the energy. This way, dim nodes (even the ones with
a large footprint) will be drawn as patches. The simplest approach g e 9: The Large Magellanic Cloud, one of the closest galaxies to ours,

would be using a xed user-de ned energy threshold. We instead is rendered in our framework. The colors are obtained from the photometry
propose to use a percentage of tb&al energyof the shallowest information; the RGB channels contain tBgp, Gg, andGgp magnitude,

nodes that completely t inside the view boundaries. For instance, respectively. Tht_a convergence graph of the total ux of the region selected in
if the whole dataset ts inside the view boundaries, the shallowest S inos ‘;:tlér:clgggiﬁgg; ??trrs‘;(;"’t‘ggd_ In that regi@%cof the energy was
node is the root, and the brightest stars are drawn until a user-de ned
percentage of the energy of the whole dataset is reachedofdie than only one layer. Then, the number of pixels each patch covers is
energyis computed by summing up the node's stars total energy computed and stored in a buffer for accurate uniform distribution.
with the total subtree energy. The advantage of an energy-based Spectral manipulation. To retrieve a pixel's spectrum, the cor-
cut-off is that brighter nodes are prioritized for visualization and responding histogram from the 3D spectral buffer is added to the
traversal over nodes that would not contribute to the overall energy Spectral patch after dividing it by its area. Then, spectral process-
of the image. Refer to the supplementary materials for additional ing is performed to conduct astronomical analysis and reveal new
results on the cut-off. insights. For instance, applying Eq. 3 to correct for extinction, or
detecting emission lines of an element of interest by narrow-band
Itering [T 15,WCFJ23]. This step has the same runtime as spectral
visualization because the spectra are already accumulated in the
spectral image, so the processing time only depends on the number
of bins that represent the spectrum.

Spectral visualization and exploration.The nal color is com-
puted for each processed spectrum according to the user-de ned
normalization, tone mapping, image processing, and selected col-

Spectral accumulation.The star spectra are accumulated in a 3D
buffer, where the third axis is used as wavelength range buckets for
the energy ux. Stars are fetched from the cache and their spectral
histograms are added to a pixel according to their projected sky po-
sition. For progressive, interactive rendering, the accumulating into
the 3D buffer is done in multiple stages, rather than writing all the
spectrum simultaneously. For better visual effects, the accumulation

!S dtonz |nfit_r|de§ (f.g.,(\j/v;ltlng t(f) blnstO,hS, a?/\(; 10 Itn ttk;]e trtsr;[ Stagtehormap settings. Since mapping from the high-dimensional spectrum
instead of bins 0, 1, and 2). As for patches, We note that the patc to the three-dimensional RGB color is not straightforward, various

spectra a_re nqt accumulatgd in the 3D buf_fer for two fe"’TSO”S? Firstly, visualization schemes are employed as discussed in Sec. 3.1. Such
the atomic write operator is more expensive than reading, and writ- as convoluting with CIE sensitivity functions, colormap convolu-
ing the same spectrum over a region is not computationally ef cient. tion, 1D colormap, and mapping RP, G and’ BP photometry into

Sfecogdlyt,r;[hte tret(aj dOttasfnot conta:jn an UPrer?S_onanyTlsrgefamounhGB channels. Lastly, the color is mapped to a low dynamic range
of nodes that need out-of-core rendering techniques. Therefore, weg 110 for conventional screens.

combine the patches and star spectra on the y: patches are rst

projected and rasterized to only store the patch IDs at every pixel 5 Results and Evaluation

they cover in the 3D buffer, if any. In case of patch overlaps in some  To evaluate the performance of our algorithm and to prove its
projection types, the 3D buffer contains a set of patch ID slots rather potential possibilities in the eld of astronomy, we implemented
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